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Flow Matching [2, 3, 4] is a recent framework for learning continuous transformations between probability
measures by regressing a time-dependent velocity field, providing a simulation-free alternative to diffusion models
and continuous normalizing flows. This talk will begin with a self-contained mathematical introduction to the
framework [1] and its connections with optimal transport, emphasizing the role of the continuity equation, the
structural similarities between the two approaches, and the ways in which they differ in practice. We will then
present recent results on semi-discrete Flow Matching, in the case of a Gaussian source and a discrete target,
a setting closely related to generative modeling. We will see how the intrinsic geometry induced by the Flow
Matching objective gives rise to regions that differ from the classical Laguerre cells of semi-discrete optimal
transport.
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